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tation comprising a plurality of objects representing the
plurality of applications and arranged to represent the rela-
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1
CHAINING APPLICATIONS

CROSS-REFERENCE TO RELATED
APPLICATION

This application is a continuation of co-pending U.S.
patent application Ser. No. 13/845,853, filed Mar. 18, 2013.
The aforementioned related patent application is herein
incorporated by reference in its entirety.

BACKGROUND

Embodiments disclosed herein relate to the field of com-
puters and computer software. More specifically, embodi-
ments disclosed herein relate to design-time and run-time
chaining of big data applications and visualization and
navigation through the chaining.

Analytics processing performed for “big data” platforms
may involve several applications with different relationships
existing between the applications. A “big data” application
may be defined to be a software application that takes as
input very large data sets, transforms the data, and generates
an output. Each software application may have configuration
metadata that may provide some semantics for the process-
ing it performs. The relationships may include dependen-
cies, which are used to indicate that one application may be
dependent on another application. Stated differently, the
output of one application may be the input of a different
application, making the latter application dependent on the
former. Example big data applications may include appli-
cations to ingest data from social media sources and place
the data in a cluster, applications that construct unique
entities of interest by looking at document level data, and
applications that perform predictive analysis on data that has
previously been transformed and aggregated.

Applications may be related to other applications, and
may belong to categories of applications. Therefore, in
addition to dependencies between applications A and B, an
application may belong to a particular category of applica-
tions, such as SQL applications. Relationships may also be
flow based, such that the output of one application is chained
to the input of another application. For example, the inputs
to a local analysis application may be the output of an ingest
application. A run (an invocation of an application) of the
local analysis application is therefore dependent on a run of
the ingest application, such that each run of the local
analysis application is related to a run of the ingest appli-
cation. There may exist many to many relationships between
these applications, and with a large number of applications
and relationships, the model can be a complex forest model.

Data scientists may analyze big data applications to
discover new use cases for the big data applications, which
may involve a chained subset of the available big data
applications. The data scientists may experiment with data
analysis techniques by running the applications several
times, making tweaks to the metadata for the applications,
and sampling the output of the applications. Once the data
scientist is satisfied with the metadata and results of the
processing, the flow may be automated for operational use
by data analysts. This process may continue as findings are
made during operational phases, new use cases are discov-
ered, and new data sources and analysis methods are dis-
covered.

Existing automation frameworks to make the automation
of work flows between the chained applications have not
developed to the point of being sufficient to be applied in big
data operations. During an initial configuration stage of the
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big data applications, data scientists perform a large number
of runs of various applications, where the configuration is
tweaked, and the output samples are obtained. During this
phase, there is a need to conveniently specity the relation-
ships between applications and visualize them (design-time
chaining), and to be able to easily relate runs of applications
and subsequently navigate through the related runs to be
able to view metadata that was used for each run (run-time
chaining). Embodiments disclosed herein describe solutions
to address these shortcomings.

SUMMARY

Embodiments disclosed herein provide a method, system,
and computer program product to enforce application depen-
dencies, by building a data model based on inputs specifying
relationships between a plurality of applications, generating,
based on the data model, a list of candidate executions for
a first application having a specified relationship with a
second application, and outputting a visual representation of
the data model, the visual representation comprising a
plurality of objects representing the plurality of applications
and arranged to represent the relationships between the
applications, the list of candidate executions, and one or
more user interface elements allowing user navigation
between the first application and the second application, of
the list of candidate executions.

BRIEF DESCRIPTION OF THE SEVERAL
VIEWS OF THE DRAWINGS

FIG. 1 is a block diagram illustrating a system for
chaining applications, according to one embodiment dis-
closed herein.

FIG. 2 is a flow chart illustrating a method for chaining
applications, according to one embodiment disclosed herein.

FIG. 3 is a flow chart illustrating a method to build a data
model, according to one embodiment disclosed herein.

FIG. 4 is a flow chart illustrating a method to determine
related runs for chained applications and allowing naviga-
tion through the runs, according to one embodiment dis-
closed herein.

FIG. 5 is a diagram depicting a graphical user interface
(GUI) for chaining applications, according to one embodi-
ment disclosed herein.

DETAILED DESCRIPTION

Embodiments disclosed herein provide techniques to
specify relationships between different big data applications,
use the relationships to build a data model including each of
the applications and their dependencies, and allow users to
specify the relationships between runs (executions) by pro-
viding a list of candidate runs that can be picked by the user
to specify relationships between runs. Finally, embodiments
disclosed herein provide techniques to determine related
runs for a run of an application, and provide a way to
visualize the relationships and any associated metadata,
allowing easy navigation through the runs. Embodiments
disclosed herein provide representation and visualization of
design-time and run-time chaining of applications so that
users such as data scientists can efficiently and effectively
harness the big data applications.

The descriptions of the various embodiments of the
present invention have been presented for purposes of
illustration, but are not intended to be exhaustive or limited
to the embodiments disclosed. Many modifications and
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variations will be apparent to those of ordinary skill in the
art without departing from the scope and spirit of the
described embodiments. The terminology used herein was
chosen to best explain the principles of the embodiments, the
practical application or technical improvement over tech-
nologies found in the marketplace, or to enable others of
ordinary skill in the art to understand the embodiments
disclosed herein.

As will be appreciated by one skilled in the art, aspects of
the present invention may be embodied as a system, method
or computer program product. Accordingly, aspects of the
present invention may take the form of an entirely hardware
embodiment, an entirely software embodiment (including
firmware, resident software, micro-code, etc.) or an embodi-
ment combining software and hardware aspects that may all
generally be referred to herein as a “circuit,” “module” or
“system.” Furthermore, aspects of the present invention may
take the form of a computer program product embodied in
one or more computer readable medium(s) having computer
readable program code embodied thereon.

Any combination of one or more computer readable
medium(s) may be utilized. The computer readable medium
may be a computer readable signal medium or a computer
readable storage medium. A computer readable storage
medium may be, for example, but not limited to, an elec-
tronic, magnetic, optical, electromagnetic, infrared, or semi-
conductor system, apparatus, or device, or any suitable
combination of the foregoing. More specific examples (a
non-exhaustive list) of the computer readable storage
medium would include the following: an electrical connec-
tion having one or more wires, a portable computer diskette,
a hard disk, a random access memory (RAM), a read-only
memory (ROM), an erasable programmable read-only
memory (EPROM or Flash memory), an optical fiber, a
portable compact disc read-only memory (CD-ROM), an
optical storage device, a magnetic storage device, or any
suitable combination of the foregoing. In the context of this
document, a computer readable storage medium may be any
tangible medium that can contain, or store a program for use
by or in connection with an instruction execution system,
apparatus, or device.

A computer readable signal medium may include a propa-
gated data signal with computer readable program code
embodied therein, for example, in baseband or as part of a
carrier wave. Such a propagated signal may take any of a
variety of forms, including, but not limited to, electro-
magnetic, optical, or any suitable combination thereof. A
computer readable signal medium may be any computer
readable medium that is not a computer readable storage
medium and that can communicate, propagate, or transport
a program for use by or in connection with an instruction
execution system, apparatus, or device.

Program code embodied on a computer readable medium
may be transmitted using any appropriate medium, includ-
ing but not limited to wireless, wireline, optical fiber cable,
RF, etc., or any suitable combination of the foregoing.

Computer program code for carrying out operations for
aspects of the present invention may be written in any
combination of one or more programming languages,
including an object oriented programming language such as
Java, Smalltalk, C++ or the like and conventional procedural
programming languages, such as the “C” programming
language or similar programming languages. The program
code may execute entirely on the user’s computer, partly on
the user’s computer, as a stand-alone software package,
partly on the user’s computer and partly on a remote
computer or entirely on the remote computer or server. In the
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latter scenario, the remote computer may be connected to the
user’s computer through any type of network, including a
local area network (LAN) or a wide area network (WAN), or
the connection may be made to an external computer (for
example, through the Internet using an Internet Service
Provider).

Aspects of the present invention are described below with
reference to flowchart illustrations and/or block diagrams of
methods, apparatus (systems) and computer program prod-
ucts according to embodiments of the invention. It will be
understood that each block of the flowchart illustrations
and/or block diagrams, and combinations of blocks in the
flowchart illustrations and/or block diagrams, can be imple-
mented by computer program instructions. These computer
program instructions may be provided to a processor of a
general purpose computer, special purpose computer, or
other programmable data processing apparatus to produce a
machine, such that the instructions, which execute via the
processor of the computer or other programmable data
processing apparatus, create means for implementing the
functions/acts specified in the flowchart and/or block dia-
gram block or blocks.

These computer program instructions may also be stored
in a computer readable medium that can direct a computer,
other programmable data processing apparatus, or other
devices to function in a particular manner, such that the
instructions stored in the computer readable medium pro-
duce an article of manufacture including instructions which
implement the function/act specified in the flowchart and/or
block diagram block or blocks.

The computer program instructions may also be loaded
onto a computer, other programmable data processing appa-
ratus, or other devices to cause a series of operational steps
to be performed on the computer, other programmable
apparatus or other devices to produce a computer imple-
mented process such that the instructions which execute on
the computer or other programmable apparatus provide
processes for implementing the functions/acts specified in
the flowchart and/or block diagram block or blocks.

Embodiments of the invention may be provided to end
users through a cloud computing infrastructure. Cloud com-
puting generally refers to the provision of scalable comput-
ing resources as a service over a network. More formally,
cloud computing may be defined as a computing capability
that provides an abstraction between the computing resource
and its underlying technical architecture (e.g., servers, stor-
age, networks), enabling convenient, on-demand network
access to a shared pool of configurable computing resources
that can be rapidly provisioned and released with minimal
management effort or service provider interaction. Thus,
cloud computing allows a user to access virtual computing
resources (e.g., storage, data, applications, and even com-
plete virtualized computing systems) in “the cloud,” without
regard for the underlying physical systems (or locations of
those systems) used to provide the computing resources.

Typically, cloud computing resources are provided to a
user on a pay-per-use basis, where users are charged only for
the computing resources actually used (e.g. an amount of
storage space consumed by a user or a number of virtualized
systems instantiated by the user). A user can access any of
the resources that reside in the cloud at any time, and from
anywhere across the Internet. In context of the present
invention, a user may access chaining applications or related
data available in the cloud. For example, the chaining
application could execute on a computing system in the
cloud and generate data models of a big data application
platform. In such a case, the chaining application could
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generate data models and store the data models at a storage
location in the cloud. Doing so allows a user to access this
information from any computing system attached to a net-
work connected to the cloud (e.g., the Internet).

FIG. 1 is a block diagram illustrating a system 100 for
chaining applications, according to one embodiment dis-
closed herein. The networked system 100 includes a com-
puter 102. The computer 102 may also be connected to other
computers via a network 130. In general, the network 130
may be a telecommunications network and/or a wide area
network (WAN). In a particular embodiment, the network
130 is the Internet.

The computer 102 generally includes a processor 104
connected via a bus 120 to a memory 106, a network
interface device 118, a storage 108, an input device 122, and
an output device 124. The computer 102 is generally under
the control of an operating system (not shown). Examples of
operating systems include the UNIX operating system,
versions of the Microsoft Windows operating system, and
distributions of the Linux operating system. (UNIX is a
registered trademark of The Open Group in the United States
and other countries. Microsoft and Windows are trademarks
of Microsoft Corporation in the United States, other coun-
tries, or both. Linux is a registered trademark of Linus
Torvalds in the United States, other countries, or both.) More
generally, any operating system supporting the functions
disclosed herein may be used. The processor 104 is included
to be representative of a single CPU, multiple CPUs, a single
CPU having multiple processing cores, and the like. Simi-
larly, the memory 106 may be a random access memory.
While the memory 106 is shown as a single identity, it
should be understood that the memory 106 may comprise a
plurality of modules, and that the memory 106 may exist at
multiple levels, from high speed registers and caches to
lower speed but larger DRAM chips. The network interface
device 118 may be any type of network communications
device allowing the computer 102 to communicate with
other computers via the network 130.

The storage 108 may be a persistent storage device.
Although the storage 108 is shown as a single unit, the
storage 108 may be a combination of fixed and/or removable
storage devices, such as fixed disc drives, solid state drives,
floppy disc drives, tape drives, removable memory cards or
optical storage. The memory 106 and the storage 108 may be
part of one virtual address space spanning multiple primary
and secondary storage devices.

The input device 122 may be any device for providing
input to the computer 102. For example, a keyboard and/or
a mouse may be used. The output device 124 may be any
device for providing output to a user of the computer 102.
For example, the output device 124 may be any conventional
display screen or set of speakers. Although shown separately
from the input device 122, the output device 124 and input
device 122 may be combined. For example, a display screen
with an integrated touch-screen may be used.

As shown, the memory 106 contains the chaining appli-
cation 112, which is an application generally configured to
provide design-time and run-time chaining of big data
applications, and provide visualization and navigation
through the chained big data applications, such as the big
data applications 114, ,. The big data applications 114, ,;
may be any big data application, including, but not limited
to, ingestion applications, data placement applications, pre-
dictive analysis applications, and the like. A plurality of
clients 150 may access the chaining application 112 through
a web browser 160. As shown, storage 108 contains the
metadata and configuration 115, which stores metadata and
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configuration data about the big data applications 114, .,
including application dependencies and categories. The stor-
age 108 also includes the data models 116, which are
representations of the dependencies between the different
big data applications 114, _,. Although depicted as a data-
base, the metadata and configuration 115 and data models
116 may take any form sufficient to store data, including text
files, xml data files, and the like.

FIG. 2 is a flow chart illustrating a method 200 for
chaining applications, according to one embodiment dis-
closed herein. In one embodiment, the chaining application
112 performs the steps of the method 200. Generally, the
method 200 allows a user to define application dependencies
between big data applications 114, ,,in a big data processing
platform. The dependencies may then used to create a data
model of each application 114, ,; in the big data platform.
Furthermore, the method 200 also allows a user to specify
relationships between runs of chained applications, and
navigate through the related runs.

At step 210, a plurality of big data applications 114, , are
provided in the big data platform. The big data applications
may include, but are not limited to, ingestion, placement,
and analytics applications. At step 220, the chaining appli-
cation 112 receives user input specifying application rela-
tionships. The relationships may specify that one application
is dependent on another application. The relationships may
also specify a category of applications that each application
belongs to. In one embodiment, the user may input appli-
cation relationships (or categories) in an appropriate meta-
data text field, which may then be stored in the metadata and
configuration 115. The user may provide a text description
(such as a name or other unique identifier) of the applica-
tions. For example, a user may specify that application X is
dependent on application Y. In one embodiment, an appli-
cation may be dependent on more than one application. In
another embodiment, the user may be presented with a list
of'big data applications 114, _,, which may be selected by the
user to define the relationships. Upon receiving selection of
a particular application of the big data applications 114, .,
the chaining application 112 may generate textual depen-
dency metadata, which may then be stored in the metadata
and configuration 115. The input received for any given big
data application 114, _,at step 220, may, in one embodiment,
be limited to the application it is immediately dependent on,
such as the above example where application X is dependent
on application Y. In such an embodiment, only parent/child
relationships may be defined. However, in other embodi-
ments, the names of all applications in the tree path that a
given application is dependent on may be provided. If
application Y depends on application Z, in such embodi-
ments, the user input may therefore specify that application
X is dependent on applications Y and Z. The chaining
application 112, at step 220, may be configured to prevent
looping of dependencies. For example, if application B has
already been specified as dependent on application A, the
user will not be able to specify that application A depends on
application B. The chaining application 112 may perform
this validation at all levels of dependencies, such that no
loops exist anywhere in a chain of applications, not just
immediate, first level dependencies.

At step 230, described in greater detail with reference to
FIG. 3, the chaining application 112 may build a data model
representing each of the big data applications 114, ,, and
each of their dependencies. In one embodiment, the data
model is rendered visually as a multi-level tree that depicts
the many to many relationships between the applications.
Generally, in generating the data model, the chaining appli-
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cation 112 produces a list of nodes having a type (or
category) having a plurality of metadata attributes, which
may include dependency information. Once step 230 has
been completed, the “design-time” aspect of the chaining
application 112 may be considered to be complete. At this
point, users may create “runs” of big data applications,
which may be specific executions of a chain of applications.
Therefore, at step 240, run-time chaining of the big data
applications 114, ,; may begin. In one embodiment, a user
may create a new run for the applications, or select previ-
ously defined runs. At step 250, a next run of an application
is related to a specific run of an application it is dependent
on. At this step, the chaining application 112 may provide a
list of candidate runs to the user for selection, which may be
used to specify the relationships between runs of the appli-
cations. The chaining application 112 may generate the list,
for a currently selected application in the multi-level tree
generated at step 230, by iterating through the metadata of
the currently selected application to identify a list of appli-
cations the currently selected application is dependent on.
Then, the chaining application 112 may iterate through each
of the list of dependent applications to identify a list of
completed runs of those applications. Once the list of
completed runs is identified, it is returned as the list of
candidate runs to the user for selection. The list of candidate
runs may also be stored in the metadata and configuration
115. By providing this functionality, the chaining application
112 may prevent the user from running the dependent
application until the run is tied to a run of the application that
it is dependent on (and may further prevent looping). At step
260, described in greater detail with reference to FIG. 4, the
chaining application 112 may, for a selected application,
may determine related runs for chained applications, and
allow navigation through the related runs. This step may
generally comprise generating a graphical user interface
(GUI) which allows selection of a plurality of runs, which,
when selected, displays metadata about each run. At step
270, the next run of the applications may be specified to be
executed by the user.

FIG. 3 is a flow chart illustrating a method 300 corre-
sponding to step 230 to build a data model, according to one
embodiment disclosed herein. Generally, the steps of the
method 300 comprise generating a data model of each
application in the big data applications 114, _,, based on the
user dependency input received at step 220. In one embodi-
ment, the steps of the method 300 are performed by the
chaining application 112. At step 305, the chaining applica-
tion 112 begins executing a loop including steps 310-330 for
each provided big data application 114, . At step 310, the
chaining application 112 creates a node for the current
application, and populates node attributes. The node attri-
butes may include a name, a description, and the like. At step
315, the chaining application 112 retrieves category and
application dependency information about the current appli-
cation. For example, the application may be an SQL appli-
cation, and may be dependent on one other application. At
step 320, the chaining application 112 creates an array of
categories based on the category and dependency informa-
tion for the current application. At step 325, the chaining
application 112 iterates through each category, and specifies
the current application as a child for the category. In one
embodiment, the chaining application 112 creates a new
child list to add the current application to the category. In
another embodiment, the chaining application 112 appends
the application information to an existing child list. At step
330, the chaining application 112 determines whether more
applications in the big data applications 114, _,, remain to be
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analyzed. If more applications remain, the chaining appli-
cation 112 returns to step 305. Otherwise, the chaining
application 112 proceeds to step 335.

At step 335, the chaining application 112 begins execut-
ing a loop containing steps 340-360 for each category of
application. At step 340, the chaining application 112 deter-
mines whether the category is in fact a category, instead of
an application. If the category is a category, the chaining
application 112 populates an empty list of children for the
category. At step 345, if the category is an application, the
chaining application 112 finds the node for the application in
the list of nodes, and populates an empty list of children for
the application. At step 350, the chaining application 112
retrieves the application name of each child and adds the
child application name as a reference for the category. At
step 355, if the category is a category, and not an application,
the category is added to the list of nodes to be returned. At
step 360, the chaining application 112 determines whether
more categories remain. If more categories remain, the
chaining application 112 returns to step 335. Otherwise, the
chaining application 112 proceeds to step 365, where it
returns a list of nodes, from which a visual representation
may be generated. The list of nodes may be stored in the data
models 116. An example list of nodes is provided here as
Table I:

TABLE I
Node Name Type Dependencies
Lead Generation Retail Category Lead Generation Retail Driver
Lead Generation Retail Application Lead Generation Retail Ingest
Decahose, Lead Generation Retail
Ingest Powerpack
Lead Generation Retail Application Lead Generation Retail Local
Ingest Decahose Analysis
Lead Generation Retail Application Lead Generation Retail Local
Ingest Powerpack Analysis
Lead Generation Retail Application Lead Generation Retail Global
Local Analysis Analysis
Lead Generation Retail Application Lead Generation Retail
Global Analysis Realtime Analysis
Lead Generation Retail Application

Realtime Analysis

As shown, the list of nodes may have a type, which may
be either an application or a category of applications. The
dependencies column indicates which applications are
dependent on the node. In Table I, a single category, Lead
Generation Retail, is depicted. Additionally, a plurality of
applications are depicted, each having a varying number of
dependent applications. For example, the application Lead
Generation Retail Realtime Analysis has no dependent
applications, while the Lead Generation Retail application
has two dependent applications, LLead Generation Retail
Ingest Decahose, and Lead Generation Retail Ingest Pow-
erpack. Advantageously, the list of nodes generated includes
relationships between each application in the big data appli-
cations 114, ,,, even though in one embodiment, only par-
ent-child relationships were defined by the user. Based on
the generated data model, a visual representation of the
applications may be generated and outputted to the user.

FIG. 4 is a flow chart illustrating a method 400 corre-
sponding to step 260 to determine related runs for chained
applications and allowing navigation through the runs,
according to one embodiment disclosed herein. In one
embodiment, the steps of the method 400 are performed by
the chaining application 112. Generally, the steps of the
method 400 allow a user, who is interacting with a GUI
displaying the application tree based on the generated data
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model, to select an application, view its metadata, and
navigate through related runs of the application. At step 410,
the chaining application 112 receives user selection, through
the GUI, of a specific application. At step 420, the chaining
application 112 determines upstream and downstream
dependent applications for the selected application. The
dependent applications may be determined based on analysis
of the generated data model in the data models 116. An
upstream dependent application may be considered a parent
application to the selected application, i.e., the selected
application is dependent on the upstream dependent appli-
cation. A downstream dependent application is a child
application, or an application that is dependent on the
selected application. At step 430, the chaining application
112 retrieves from the metadata and configuration 115, the
runs for each upstream dependent application. At step 440,
the chaining application 112 retrieves from the metadata and
configuration 115, the runs for each downstream dependent
application. At step 450, the chaining application 112 may
modify the GUI to include links that allow the user to
navigate between each upstream and downstream runs of the
selected application. At step 460, responsive to receiving
selection of an upstream or downstream run, the chaining
application 112 displays metadata for the selected run.

FIG. 5 is a diagram depicting a graphical user interface
(GUI) 500 for chaining applications, according to one
embodiment disclosed herein. As shown, the GUI 500
includes an application tree 501, which displays the big data
applications 114, ,; according to dependencies, such that a
child application is underneath and indented from a parent
application. As shown, the user has selected the application
502, Lead Generation Retail—Ingest Gnip Decahose, which
has been highlighted to reflect the selection. Once the
application has been selected, a plurality of metadata items
are populated in the GUI 500. For example, a name region
containing a description field 503 is provided, where a user
may update the description of the application. An execution
region includes an application execution label 504, which
displays a list of two candidate runs for the selected appli-
cation. A JAQL query field 505 allows a user to submit a
query. Once a run is selected, the user may run the appli-
cations by selecting the Run button 509.

An application history tab displays information related to
the candidate runs 506 of the application, which includes the
execution name, a progress of the run, a start time of the run,
an application flow with associated navigation tabs 507, and
an elapsed time of the execution. Additionally, a details
section includes icons 508, which, when selected, provide
additional details related to the run. The application flow
navigation tabs 507 are used by the user to navigate through
the applications. For example, selecting the upstream tab
(which may be predefined to be the left or the right tab) for
the run “LeadGenerationRetail_IngestGnip_Runl” navi-
gates to the related run “LeadGenerationRetail_Driver_
Run1” for application “L.ead Generation Retail Driver,” and
will also display of the metadata for that run. The Lead
Generation Retail Driver application is displayed because it
is the upstream parent of Lead Generation Retail—Ingest
Gnip Decahose. Clicking the downstream tab for “Lead-
GenerationRetail_IngestGnip_Runl” navigates to the
related run “LeadGenerationRetail Driver Runl” for the
child application “Lead Generation Retail—Global Analy-
sis,” and will also display of the metadata for that run.

Embodiments disclosed herein provide techniques for
design-time (at the time of installation) chaining of appli-
cations. Advantageously, the same representation method
may be subsequently used during run-time configurations.
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Additionally, the run-time usage may be simplified by using
a Ul widget, for example. For each application that is
chained to other applications, the user need only specify the
one or more applications that the application is immediately
dependent on. Embodiments disclosed herein may use this
information to build a data model that can be visually
rendered and displayed as part of a user interface. Visual-
ization of the dependencies may be part of a multi-level
hierarchical tree, such that the user can look at the relation-
ships, and easily navigate through these relationships. Still
yet, embodiments disclosed herein provide convenient tech-
niques to specity relationships between runs of chained
applications. When running an application that is dependent
on another application, the user can tie the run of the
application with a run of an application that it is dependent
on. The list of candidate runs may be presented to the user
to make it convenient to relate the runs. Furthermore, the
applications may not be executed until a run of an applica-
tion that they are dependent on is completed.

Embodiments disclosed herein advantageously associate
metadata with each run, which may change over time. When
applications are chained, it may be important for the user to
be able to view the associated metadata for each run. With
the number of applications and relationships growing larger
and larger, it may be very useful to the user if he or he can
navigate up and down the chain to view the metadata for
each run. Finally, outputs of an application may be inputs for
an application that is dependent on it (a child application).
Embodiments disclosed herein may conveniently allow
specification of such inputs for an application by displaying
a list of identified relationships which may be selected by the
user.

The flowchart and block diagrams in the Figures illustrate
the architecture, functionality, and operation of possible
implementations of systems, methods and computer pro-
gram products according to various embodiments of the
present invention. In this regard, each block in the flowchart
or block diagrams may represent a module, segment, or
portion of code, which comprises one or more executable
instructions for implementing the specified logical
function(s). It should also be noted that, in some alternative
implementations, the functions noted in the block may occur
out of the order noted in the figures. For example, two blocks
shown in succession may, in fact, be executed substantially
concurrently, or the blocks may sometimes be executed in
the reverse order, depending upon the functionality
involved. It will also be noted that each block of the block
diagrams and/or flowchart illustration, and combinations of
blocks in the block diagrams and/or flowchart illustration,
can be implemented by special purpose hardware-based
systems that perform the specified functions or acts, or
combinations of special purpose hardware and computer
instructions.

While the foregoing is directed to embodiments of the
present invention, other and further embodiments of the
invention may be devised without departing from the basic
scope thereof, and the scope thereof is determined by the
claims that follow.

What is claimed is:

1. A computer-implemented method, comprising:

receiving input specitying relationships between a plural-

ity of applications, wherein the input includes a rela-
tionship specifying that a first application is dependent
on a second application, wherein the input specifies, for
each of the plurality of applications, a relationship
between at least one of a parent application and a child
application;
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building a data model for each of the plurality of appli-
cations based on the input and the relationships
between the at least one of the parent application and
the child application of each of the plurality of appli-
cations;

generating, based on the data model, a list of candidate
executions for the first application, wherein each
instance of a dependency between the first and second
applications in the list of candidate executions restricts
the second application from being dependent on the
first application based on the input by specifying that
the first application is dependent on the second appli-
cation and not specifying the second application being
dependent on the first application; and

outputting a visual representation of the data model, the
visual representation comprising:

a plurality of objects representing the plurality of
applications and arranged to represent the relation-
ships between the applications;

the list of candidate executions;

a progress indicator specifying a respective percentage
each candidate execution has completed; and

one or more directional buttons for each candidate
execution, which when selected, provide navigation
between the respective applications in the list of
candidate executions.
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2. The method of claim 1, wherein the plurality of objects
representing the plurality of applications and the list of
candidate executions are user-selectable and, upon being
selected, reveal associated configuration metadata.

3. The method of claim 1, wherein each candidate execu-
tion, of the list of candidate executions, is further based on
a respective prior execution of the first application and the
second application.

4. The method of claim 3, wherein each prior execution
includes a respective execution path for the candidate execu-
tion.

5. The method of claim 1, wherein the one or more
directional buttons are further configured to allow a user
selection to define an execution dependency between an
execution of the second application and one or more can-
didate executions from the list of candidate executions.

6. The method of claim 1, wherein the plurality of objects
represent a type of each of the plurality of applications
comprising: (i) a category of applications, and (ii) an appli-
cation, wherein the category of applications defines a class
of applications, wherein the category of applications
includes at least one child application, wherein the category
of applications has no parent application.

#* #* #* #* #*



